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1. 3araapHa indopManis Npo HaBYAJIbHY JMCUHUILTIHY

IToBHA Ha3Ba HABYAJBLHOI
JTUCHHUILIIHA

OCHOBHM KOMIT IOT€PHOT JIIHTBICTUKHU

IloBHa o¢iniiina Ha3Ba
3aKJ1ay BHIIOI OCBITH

IleHTp HAYKOBUX JOCIIIKEHb Ta
BUKJIagaHHs 1HO3eMHUX MOB HAH VYkpainu
(M. KuiB)

IloBHa Ha3Ba CTPYKTYPHOIO
niapo3ainy

Kadeapa 1H03eMHUX MOB

Po3po0Huk

Kpamap H.A., noktop dinocodii 3 dinoorii,
CT.H.C.

PiBens BHIIOI OCcBiTH

Tperiii (OCBITHbO-HAYKOBUI) pIBEHb
HPK VYxkpainu — 9 piBeHb

QF for EHEA — Tperiii nuk,

EQF for LLL — 8 piBens

CemecTp BUBYEHHS
HaBYaJbLHOI
JTUCHUILIIHHA

1-2 cemecTp 3 pOKy HaBUAHHS
(5-6 cemecTpn)

O0cHATr HABYAJILHOI

3 kpeautu €KTC / 90 ronun, 3 SKUX
10 roaux — jgexuii

JTUCHHUILIIHA 8 TOIMH — MPaKTUYHI 3aHATTS
72 ToauH — caMOCTiiHA po0oTa
Mosa(u) . "
aHTJIIChbKa, YKpaiHChKa
BUKJIATAHHA
. Kpamap H.A., nokrop dimocodii 3 disonorii
Buxnagau(i) pamap > A P ii 3 § '

CT.H.C.

2. Micue HaBYaJIbHOI JMCUHUILIIHA B OCBIiTHIN nporpami

Craryc AMCHUILTIHA

BUOIPKOBU KOMIIOHEHT, TUCITUILIIHA
BuOOpy acmipanta BK 05 JIBA

IlepenymoBu /i1 BUBYEHHS
JTUCHUILIIHHA

Jpyruii piBeHb BULIOT OCBITH (JUIIJIOM MAaricTpa).

AcTipaHT NOBUHEH 3HATH: aHTJIIHCHKY MOBY
Ha piBHI He HUXKYe Cl Ta MaTu HABUYKH
NOIIYKY Ta aHaJII3y HayKOBOi 1HQOpMaIlii.

JonaTkoBi ymoBu

Jlo1laTKOB1 YMOBH BiJICYTHI.

OoMexkeHHs

OOMesxeHHs BIJICYTHI.




3. MeTa HABYAJIBLHOI M CHUILIIHHA

Mera: xypc niependadae 03HAHOMIICHHSI CTYIEHTIB 3 OCHOBaMH KOMIT FOTEPHOT
JIHTBICTUKU Ta HaJIaHHS iM NMPAKTUYHUX HABUUYOK Y 3aCTOCYBaHHI IHCTPYMEHTIB 1
METO/IIB aHATI3y TEKCTY ISl PI3HOMAHITHUX 3aBJaHb, TAKUX K €KCTPAKIIIS TaHUX
(data mining), anami3 HacTpoiB (sentiment analysis), TeMaTHYHE MOCIIOBAHHS,
Kyacudikalis TeKCTIB TOIIO.

4. 3mMicT HABYAJBHOI AUCHHUILTIHA

1-it MoayALHUIA UK

Tema 1. Micue xomn’orepHoi JinrBicruku ta NLP y cyuyacnomy
JIHTBICTHYHOMY JIAaHAIIAQTI.

Tema 2. OcnoBu nporpamyBanns y Python must NLP-3agau.

2-ii MOAYJIbHMI UK

Tema 3. ITonepennsi 06podka TekcToBUX AaHuX y Python: 6i6sioTexku, MmeToamu,
miaxoau.

Tema 4. O0poOka TeKCTOBHUX AAHUX: BiJi MOP(OJIOTiYHOI0 10 CEMAHTUYHOI'O
piBHS.

Tema 5. OcHoBu MamIMHHOT0 HaBYaHHd 19 NLP-3agau4.

3-if MOAYJIbHMI UK

Tema 6. BekTopHa penpe3eHTALlis CJIiB.

Tema 7. TemaTuuHe MoIeTIOBAaHHS Ta KiIachikalisg TEKCTOBUX JTaHUX.

5. OuikyBaHi pe3yJbTaTH HABYAHHS HABYAJIBLHOI TUCIHUILIIHA

Y pe3yabTaTi BUBYE€HHS HABYAJBbHOI JMCIUILUIIHUA aCHIPAHT MOBUHEH
3HATH:

® POJIb KOMIT FOTEPHOI JIIHTBICTUKH Y Cy4aCHOMY JIIHTBICTUHYHOMY JIaHIIagTi

® iICTOPII0 CTAHOBJICHHSI KOMIT FOTEPHO1 JIIHTBICTUKHU

® OCHOBHI MTOHSTTSI KOMIT FOTEPHO1 JIIHTBICTUKHU TaKl sIK: KOPIYC, TaTACET, TOKEH,
JeMa, cTeMiHr, N-rpam (N-gram), mapCuHr, CAHTAKCUYHUHN aHaji3, MOp(OIOTigYHMIA
aHaJIi3, BEKTOPH3aIlisl, YaCTOTHUH aHaii3, BOymyBanHs ciiB (Word embedding).

® 0COOJIMBOCTI aHAJTi3y TEKCTy Ta eKcTparyBaHHs iH(opmarrii y Python

® 0COOJIMBOCTI JIEMATHU3Allll Ta CTEMIHTY MOB 3 Pi3HUX MOBHHUX CIMEH

e crienndixy NLP-6i0mioTexk Python i iXHI0 JOMIIBHICTE JJIs Pi3HUX 3aBJIaHb
KOMIT FOT€PHOT JIIHTBICTUKHU

e metou Word embedding (BOymyBaHHs CTiB)

® METOJIM BEKTOPHOI perpe3eHTallii CIiiB

e OCHOBHI aropuT™Mu TemMaTuaHoro mojemoBanus (LDA, LSA, PLSA)

e BiJIMIHHICTHh MIX Kjlacudikariiero Ha ocHoBi nmpaBui (rule-based classification) Ta
KJ1acudikaiiero Ha OCHOBI MallIMHHOTO HABYaHHS




® eTUYHI MPoOIEMHU, OB’ s13aH1 3 BEO-CKPEUITIHIOM Ta aHAII30M YYTJIMBUX JaHUX
(sensitive data)

e NpUHIKIK (YHKIIIOHYBaHHS BEJIMKKX MOBHUX Mozedei (large language models)
® MOXKJIMBOCTI ToHanamTyBaHHs (fine-tuning) HassBHUX MOBHHMX MOJICICH

® OCHOBHI KOPITYCH YKPaiHChKOi, aHTJIIHCHKOT Ta THIITUX MOB Ta CIIOCOOM X
BUKOpUCTaHHS JJ1s 1iieid NLP

BMITH:

e BukopucroByBat ocHoBHI NLP-6i0mioreku Python (Spacy, NLTK, Textblob,
Stanza, Pandas Ta imimi)

e cTBOproBaTH ¢yHKIIl y Python

® 00poOIATH NaHi pi3HUX (POpPMAaTIB Ta BUKOHYBAaTH KOHBEPTAIIIO 3 OAHOTO hopMaTy
B iHmmi (txt, pdf, csv, xml Tomro)

® BUKOHYBATH aHaJi3 YaCTOTHOCTI Ta aHai3 KJIIOYOBUX CIIIB

® BUJIUISITH OCHOBHI N-TpaMu y TEKCTOBUX JaHUX

® BUKOHYBATH TOIEPEIHIO 00poOKy (Preprocessing) naHux (BUIAJICHHS MyHKTYaIlii
Ta HEPEJIICBAaHTHUX CUMBOJIIB, BUJIAJICHHS CTOI-CIIIB, HOpMaJli3allisi TPaBOMUCY
TOIIIO)

® 3/IICHIOBATH JIEMAaTHU3AI[I}0 Ta CTEMIHT MOBHUX JIAHUX

e 3actocoByBatu SpacyMatchers ta Regex mis exctparyBanHs iHopmarrii
noTpioHOTO (hopmaTty

® BUKOHYBaTH TEMAaTUYHE MOJICIIOBAHHS Ta KIACH(PIKALIIO JaHUX

® CTUYHO BUKOPHUCTOBYBATH YaTOOTH HA OCHOBI BEJTUKMX MOBHUX MOJIEICH Ta
CTBOPIOBATU €(DEKTUBHI MIPOMTH JIJISl HUX

e Bi3yasi3yBaTu Pe3yibTaTH aHAII3Y Yy BUTJISL JllarpaM Ta CXeM

® 4iTKO BUKJIAJATH Ta MMPE3CHTYBATH PE3YIbTATH 3aCTOCYBAHHS METO/IIB

KOMIT FOTE€pPHOT JIIHTBICTUKM B YCHIHM Ta MUCbMOBIHN hopmax

6. Posib HaBYAJIBHOI JUCHMILTIHN Y TOCATHEHHI MPOrPaMHMX
pe3yJbTaTiB

3aBnanns HaBuaiabHOI quctuiuiiad BK 05 [IBA «OcHoBH KOMIT IOTEpHOI
JHTBICTUKI TIOJISITae y (popMyBaHHI Ta HA0YTTI TAKMX KOMIIETEHTHOCTEH:
3aranpH1 KomreteHTHOCTI: 3K: 1, 3, 4, 5 (BIAMOBIAHO 70 MEPENTiKy 3araIbHIX
komneTenTHocTer OHIT). daxosi komnerentHocTi: PK 2,4, 5,6, 7, 8, 9, 10, 13, 14
(BimnmoBigHO 10 mepeniky daxoux komnerentHoctedr OHII). ITporpamsi
pesynbrat HaBuaHHs: [IPH 1.4, 2.1, 2.2, 2.3, 4.2, 4.4 (BiANOBIAHO JI0 TIEPETIKY
nporpamMHux pe3ynbTaTiB HaBuanHs OHII).




6.1 Buau HaBYAJILHUX 3aHATDH

BunaMu HaB4aibHUX 3aHATH MPU BUBUCHHI AUCIUILIIHY € jJekiii (JI), mpakTuyHi
(immmuBigyansHi) 3aHa1Ts (I1) Ta camocriitHa po6ota (C).

5-6 ceMecTpu 3 POKY HaBYaHHS

HaBuajabHO-TeMaTHYHMI IVIaH JIeKHiﬁ i NMPpaKTUIHHUX 3aHATDH

Tema

Ha3zBa Temu

KinpkicTh roaun

Jlexmii

[TpakTuyHi
(irauBiTya
JIbH1)

CamocriiiHa
poboTta

Tema 1. Micue

KOMIT FOTEPHOT
miurBictuku Ta NLP y
Cy4acCHOMY
JIHTBICTUYHOMY
naHmadTi.

10

Tema 2. OcHoBH
porpamMyBaHHS y
Python mms NLP-
3a1a4.

20

Tema 3. Ilonepenns
00poOKa TEKCTOBUX
nanux y Python:
010J110TEKH, METOIH,
IT1IXO/IH.

20

Tema 4. O6poOka
TEKCTOBUX JAaHUX: BIX
MOP(OJIOTIYHOTO 10
CEMaHTUYHOTO PIBHS.

10

Tema 5. OcHOBHU
MAaIlIMHHOTO
HaBuanus i1 NLP-
3a/a4.

Tema 6. BextopHa
perpe3eHTaIlls CIIiB
Ta BOYZyBaHHS CJiB

(word embedding).




Tema 7. TemaTuune
MOJIETIOBAHHSA Ta

7. KJ1acudiKaIis 1 1 5
TEKCTOBUX JAaHUX.

10 8 72
Ycporo 90
3micToBuii Moayab 1
Tema 1

JI-1

Micue xommn ' otepHoi aiHrBicTHKY Ta NLP y cydacHOMy JiHTBiCTUHYHOMY
nauamadTi

I1-1

Mo>KJIMBOCTI 3aCTOCYBaHHS KOMII FOTEPHOI JIIHIBICTUKH JIJIs1 HAYKOBUX LILJIEH Ta
O13HeC-111JIeH
3micToBHI MOYJIb 2

Tema 2
JI-2
OcHoBu nporpamyBanns y Python miis NLP-3amay: 3sminHI, IHKITH, QyHKITT
I1-2
PoGora 3 pizHuMu THIIaMu JaHuX y Python: psaku, cimcku, 4yucia, CIIOBHUKH
JI-3
Omneparopu, ki for i while, ¢pynkimii

I1-3

3aBaHTa)KeHHS TEKCTOBHUX JaHUX Ta IMIIOPTyBaHHs 0101i0oTeK y Python
Tema 3

JI-4

[MpuHIMnH nonepenHboi 00pOOKH TeKCTOBHX naHux y Python
JI-5
OcHOBU pOOOTH 3 PEryJISIPHUMHU BUPA3AMHU

I1-4
[IpakTuky™m 3 nonepeaHb0i 0OPOOKH TEKCTY 3 BUKOPUCTAHHIM 0107110TeKH Spacy

Tema 4
JI-6
Mopdonoriunuii anami3 TekctoBux aanux: tokenization, POS tagging, n-grams.
JI-7




CrHTaKCUYHHI Ta CEMaHTHYHUHN aHaJIi3 TEKCTOBUX naHuX: dependency parsing,
named entity recognition

I1-5

[TpakTUKyM 3 YaCTHHOMOBHOT PO3MITKH Ta TTOOYIOBH JIepeBa 3aJICKHOCTEH B

NLTK Ta Spacy
3micToBuil MoayJIb 3

Tema 5
JI-8
OcuHoBu mammaHOro Hapdauasa 11t NLP-3amag
I1-6
TpenyBanns ML moxeneit

Tema 6

JI-9
BekTopHa penpe3eHTairis ciiB Ta BOyayBanHs ciaiB (word embedding)
I1-7
[Ipaktukywm 13 3actocyBanHsi TF-IDF
Tema 7
JI-10
TemaTuyHe MOJIETIOBAHHS Ta KIacH(piKallisl TEKCTOBUX JAHUX
I1-8
[TopiBHSHHS MPOBIIHUX BHUAIB TeMaTruaHOro moaentoBanas (LDA, NMF,
BERTopic) na koprryci TekcTiB

7.2 Buan HaBYAJILHOI i1 ILHOCTI

[TinroToBKa 4O JIEKIIA.

[TinroToBKa /10 MPAKTUYHUX 3AHSATh.

[linroToBKa 10 BUKOHAHHS 1HAWBIyaIbHUX 3aBAaHb 32 MOJIYJISIMH.
[linroToBKa J10 iCIIUTY.

8. MeToau BUKJIaJaHHS, HABYAHHS

MonyJsibHE HaBYaHHS.
Jlekmii-Bi3yami3aiii.
[HTEepaKTUBHI JEKLIi.

Flipped learning.
OOroBOpEeHHS-TUCKYCI].
[Tpo6ieMHO-TIONIYKOBI METOTH.
MixauciuIuIiHapHe HaBYaHHS.

9. MeToam Ta KpUTEPii ONiHIOBAHHS




9.1. Kpurepii ouiHIOBaHHS

Orinka

Buznauenusa

HarionansHa
[IKaia
OLIIHIOBAHHSA

PeiiTuaronsa
OajipHA HIKaia
OLIIHIOBAHHSA

BIIMIHHO

BIIMIHHE
BUKOHAHHS
JINAILLIE

3 HE3HAYHOIO
K1JIBKICTIO
ITOMHJIOK

5, 0 (BimMiHHO)

90 <RD <100

JTOGBPE

B I[IJIOMY
MpaBUJIbHA
poborta 3
MIEBHOIO
KUTBKICTIO
OMIJIOK

4, 0 (mobpe)

74 <RD < &9

3AZIOBUIBHO

BHKOHAHHS
3aJ0BOJILHSIE
MiHIMaJIbHI
KpuTepii

3,0
(32710BUTHHO)

60<RD <73

HE3AJTIOBIJIb
HO

MOKJINBE
MOBTOPHE
CKJIaJIaHHSA

2
(He3a10BUITBLHO)

35<RD <59

HE3AIOBIJIb
HO

HEOOX1THUMN
ITOBTOPHUU
Kypc 3
HaB4YaJIbHOI1
TUCHUAIUIIHA

2
(HE3a10BUIHHO)

RD < 35

9.2 MeToau nOTOYHOr0 GOpMATHBHOIO OLiHIOBAHHSA

3a AUCIUILIIHOIO nependaueHi Taki METOU MOTOYHOTO (POPMATUBHOTO
OILIIHIOBAHHS:

EKCIPEC-KOHTPOJIb, HACTAHOBU BUKJIa/1avya B MPOLIEC] BUKOHAHHS 1HIUBI Ty JIbBHUX
MPaKTUYHUX 3aBJaHb, EPEBIpKa, OOrOBOPEHHS Ta OLIIHIOBAHHS BUKOHAHO1
pobOTH.

9.3 Meroau nmiiCyMKOBOI0 CyMATHBHOI'O OLLiIHIOBAHHS

O111HIOBaHHS IPOTATOM CEMECTPY MPOBOIUTHCS Y (POPMI YCHUX ONUTYBaHb,
MMCHMOBOTO TECTYBaHHS, IEPEBIPKMA BUKOHAHHS 1HAWBIyalbHUX 3aB/IaHb Ta
JUCKYCIH.

Po6oTa moBuHHA OyTH BUKOHaHA CaMOCTIMHO.

O1iHIOBaHHS acipaHTa 31HCHIOETHCS TAKUM YHUHOM:

1. Excripec-koHTposb — 30 6aiB

2. IlpakTruHi (IHAUBIyalIbHI 3aHATTA) Ta caMoCTiiiHa poboTta — 30 6aiB

3. 3anik — 40 Oanis




3aoxouyBaibHI Ta mtpadHi Oanu:

1. BigcyTHicTh Ha JIeKii 0e3 moBaXHUX HMpu4HH - (-) 2 Oaw.

2. BigcyTHiCTh Ha NPAKTUYHUX (1HAUBIAYaTbHUX ) 3aHATTAX 0€3 MOBAKHUX
npuyuH (-) 2 6anu.

3. [linroToBka myOJikali 10 Apyky Ta/abo BUCTyy Ha KoHdepeHiii (+) 10 Ganis
Cyma sk mtpadHuX, Tak 1 320X0uyBaIbHUX 0amiB He Mae nepesuityBaT 0,1R=10
OarniB.

dopmMa MiICyMKOBOTO KOHTPOJIO — iCITHUT.

10. PecypcHe 3a0e3neuyeHHsI HABYAJIbHOI JUCUMILIIHA

10. 1 3acoomn HapuansHuit mpoltiec notpedye BUKOPUCTaHHS
HABYAHHS MYJIbTUMEIINHUX, JPYKOBAHUX Ta €JIEKTPOHHUX OCBITHIX
pecypciB.
10.2 OcHoBHa JiTepaTypa

Ingopmauiiine Ta | 4 poyofort B Bilbro, R., & Ojeda, T. (2018). Applied

HABHAIBHO Text Analysis with Python. O'Reilly Media, Inc.
MeTOANYHE 2. Bird, S., Klein, E., & Loper, E. (2009). Natural
3a0e3meYeH s

Language Processing with Python. O'Reilly Media.
3. Hapke, H., Lane, H., & Howard, C. (2019). Natural
Language Processing in Action. Manning Publications.
4. Hovy, D. (2012). Programming in Python for Linguists.
A Gentle Introduction. Retrieved from
http://www.dirkhovy.com/portfolio/papers/download/pf
|_handout.pdf
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